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Quantitative Results

Training (Left) and Validation (Right) Dice Scores as a function of number of epochs for one of the five cross-validation fold.

Challenge Metric Statistics: 5-Fold Cross-Validation on BraTS 2018 Training Set (Left) and BraTS 2018 Validation Set (Right). Results are specified for enhancing tumor (ET     ), 
whole tumor ( WT                 ), and tumor core ( TC       )
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• Automatic segmentation algorithms can be useful for faster and reliable tumour
delineation. 

• Automatic brain tumor segmentation is a challenging task due to the wide variety 
of tumor locations, sizes, and shapes

• Various machine learning approaches for automatic tumour segmentation
• Context-sensitive Random Forrest [1]
• Multilevel Markov Random Field [2]
• Multi-scale 3D CNN with Conditional Random Field [3]
• Boundary Aware Fully Convolutional Neural Network [4]

Architecture Details:
• 4 resolution step 3D U-net [5]
• Use of AvgPooling instead of MaxPooling for downsampling.
• Use of Transposed convolution for upsampling.
• Use of Instance-Norm and Dropout after each step
• Categorical Cross-Entropy (CCE) with curriculum class weight as loss function
• Pre-processing: Intensity Standardization using the mean and standard deviation 

over the masked region of a given MR image
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